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MCDAL:Maximum Classifier Discrepancy for Active
Learning (2021 IEEE)
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Semi-Supervised Active Learning with Temporal Output
Discrepancy (2021 ICCV)
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Using Self-Supervised Pretext Tasks for Active Learning
(2022)
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Reducing Label Effort: Selt-Supervised meets Active Learning
(2021 ICCV)
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Active Learning at the ImageNet Scale (2022)
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Class-Balanced Active Learning for Image Classification
(2022 WACYV)
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